Background
Introduction
Syndromic surveillance is defined as a dynamic process of collecting near real-time data on symptom clusters that are suggestive of a biological disease outbreak [1, 2] . With international concerns about emerging infectious diseases, bioterrorism, and pandemics that threaten human or veterinary public health, the importance of syndromic surveillance systems has increased [3] [4] [5] [6] . For example, the 2009 H1N1 influenza pandemic highlighted the need for a syndromic surveillance system to inform policy and plan for effective health system responses [4] .
Conventional surveillance systems depend on case reporting to report disease activity from sentinel clinics and laboratories. For example, influenza surveillance is recommended to monitor influenza-like illness (ILI) reports and influenza virus infections [5] . Because time delays in case reporting and confirmation can interfere with the early detection of outbreaks or increases in influenza cases in the community [5] , digital surveillance could improve both the sensitivity and timeliness of health event detection [5, 7] .
Recently, based on the rapid progress of information technology, online resources such as search queries [8] [9] [10] [11] , Twitter [12] [13] [14] , Wikipedia access [15, 16] , Google AdSense [17] , and homepages [18, 19] have been highlighted as promising data sources for influenza surveillance. Of these, internet search queries have been widely used to predict influenza outbreaks. Google Flu Trends, which has recently ended their service, has shown a high correlation with conventional ILI surveillance data [9] . We also developed a surveillance model for Korea using query data from Google [10] and the Korean search engine, Daum [11] . Our previous work showed that the national influenza surveillance data from the Korea Centers for Disease Control and Prevention (KCDC) were highly correlated with search queries in Google and Daum [10, 11] . However, there are some criticisms of digital surveillance, such as Google Flu Trends [20] [21] [22] . Digital surveillance cannot be a substitute for conventional disease surveillance systems [10, 20, 22, 23] . In addition, there are the problems of noise consisting of changing user behavior, media-stoked panic, and changes in search engine algorithms [11, 20, 23] .
It has recently been estimated that the mobile search volume has surpassed that of desktop searches because of the wide adoption of mobile devices [24] [25] [26] and mobile search patterns differ from desktop search patterns [27] [28] [29] [30] [31] [32] . However, despite the fact that the volume of mobile searches is rapidly expanding, there is little evidence for the impact of these changes on digital surveillance performance. Previous studies on digital surveillance systems did not distinguish mobile and desktop search queries. The purpose of this study was to compare the performance of mobile and desktop search queries in terms of digital influenza surveillance.
Methods

Study period
The study period ran from September 6, 2010 (week 36) through August 30, 2014 (week 35) , which consisted of four epidemiological years (2010/11, 2011/12, 2012/13, 2013/14) . Analyses were performed by epidemiological year, defined as the period from week 36 through week 35 of the subsequent year by KCDC [33] . The first day of any epidemiological week is Sunday. Week numbering is sequential, beginning with one, and week one of a Korean epidemiological year is the first week of the year that includes January 1 [33] .
Data collection
Mobile and desktop weekly search queries were extracted from Naver Trends, which is freely available [34] . Naver was chosen since it is the largest search engine in Korea, with almost 80% of the Korean search market [35] and other search engines do not distinguish mobile/desktop trends. We downloaded weekly search query data from Naver Trends in comma separated value (CSV) format. This data was assigned a value between 0 and 100 by dividing the number of each combined query by the total number of search queries for a specific period (weekly in this study). Naver did not provide the absolute number of query searches like the other search engine companies. Naver provided this data separately for mobile and desktop, but the exact algorithm was unknown. We provided raw data in the supporting information (S1 File).
KCDC ILI is defined as a fever of 38°C with a cough and/or a sore throat. ILI surveillance consists of 850 sentinel clinics across the nation [33] . These clinics report the weekly percentage of outpatients who meet the case definition of ILI. The virologic surveillance data are weekly laboratory tests showing the positive rates for the influenza virus. This network consists of 91 laboratories across the nation. We downloaded the publicly available data from the KCDC website for the same study period [33] . These data were provided in the "Weekly Sentinel Surveillance Report" document [33] , and we manually extracted ILI and virologic data from these documents. In our previous work [11] , we performed a survey to gather population search queries related to influenza and we combined the queries from the survey results to reflect people's search behavior [27] . The resulting queries do not include identifying patient information and are publicly available [11] . A total of 210 combined queries were used for this study [11] (S1 File). All queries with significant values were included in this study regardless of whether they were from desktop or mobile searches.
Statistical analysis
Spearman's correlation analysis was used to examine the correlation of the mobile and desktop data from Naver Trends with ILI and virologic data from KCDC. We used IBM SPSS Statistics software, version 20 (IBM Corporation, Armonk, NY). Strong correlation was defined as a correlation coefficient r-value of 0.7. To assess temporal relationships between Naver Trends and KCDC data for up to two weeks, we performed lag correlation analysis. The creators of disease surveillance models, such as Google Flu Trends, have claimed that the estimations of their models are 1-2 weeks ahead of the reports published by the government [9] . Given the difference in the performance between models for disease surveillance and individual internet time series, we thought that the two-week lag analysis was sufficient. Significance was set at P < 0.05.
Results
Correlation between the KCDC ILI data and search queries
Among the 210 combined queries, 14 combined queries had statistically significant correlation coefficients with the KCDC data. The coefficients of correlation of 14 queries between the KCDC ILI data and search queries are shown in Table 1 . The correlation coefficients of mobile search queries ranged from 0.390 in the 2010/11 epidemiological year ("Bird flu" in Korean: "조류독감") to 0.910 in 2013/14 ("Bad cold" in Korean: "독감") and the correlation coefficients of desktop search queries ranged from 0.291 in 2011/12 ("New flu" abbreviation in Korean: "신플") to 0.931 in 2011/12 ("Tamiflu" in Korean: "타미플루"). The mean coefficients of desktop search queries were higher than those of mobile search queries in 2010/11. However, since 2012/13, the mean coefficients of mobile search queries have been higher than those of desktops (Table 1, Fig 1) . No mobile search queries strongly correlated with the KCDC ILI data in the 2010/11 epidemiological year. However, in 2013/14, there were 9 strongly correlated queries for both mobile and desktop searches (Table 1) .
Correlation between the KCDC virologic data and search queries
The coefficients of correlation between KCDC virologic data and search queries are shown in Table 2 . The correlation coefficients of mobile search queries ranged from 0.325 in 2010/11 ("Influenza" in Korean: "인플루엔자") to 0.861 in 2011/12 ("Tamiflu" in Korean: "타미플루"), whereas those of desktop search queries ranged from 0.280 in 2011/12 ("New flu" abbreviation in Korean: "신플") to 0.841 in 2013/14 ("Tamiflu" in Korean: "타미플루"). The mean coefficients of desktop search queries were higher than those of mobile search queries in 2010/11. However, since 2011/12, the mean coefficients of mobile search queries have been higher than those of desktops ( Table 2, Fig 2) . No mobile search queries strongly correlated with KCDC virologic data in the 2010/11 epidemiological year but, since 2011/12, mobile search queries have shown better correlations than those of desktops. The correlation trend of the virologic data was similar to that of the ILI data.
Lag correlation analysis
The lag correlation analysis of up to two weeks showed similar trends to those seen in Tables 1  and 2 . The mean coefficients of mobile search queries and the number of queries with a strong correlation became equal or greater than those of desktop searches over time (S1-S4 Figs and S1-S4 Tables). ILI, influenza-like illness; KCDC, Korea Centers for Disease Control and Prevention; N/A, not applicable due to no Naver data or lack of statistical significance. Naver Trends did not report a value if there were too few searches in a given period; all values are P < 0.05 except N/A. †
The query was originally submitted in English. All of the other queries were in Korean. ‡ "New flu (abbreviation) (신플)" is the "New flu (신종플루)" abbreviation in Korean.
Discussion
The findings of our present study indicate that the performance of mobile search queries for influenza surveillance has equaled or exceeded that of desktop search queries over time. Many people use internet searches to obtain health information before visiting the hospital [9, 36] . Hence, search query trends can reflect actual disease dissemination earlier than conventional surveillance systems. Previous studies have shown that internet search queries highly correlate with conventional influenza surveillance data [8] [9] [10] [11] . However, there are some criticisms about digital surveillance, such as Google Flu Trends [20, 21, 23] . The first is that digital surveillance can be used as complementary source but not as a substitute for conventional disease surveillance systems [10, [20] [21] [22] [23] . The second is the noises such as changing user behavior, media stoked panic and search engine algorithm change can affect the performance of digital surveillance systems [11, 22, 23] . In the perspective of changing user behavior, we focused on mobile search queries, because the previous studies did not distinguish mobile and desktop searches [8, 10, 11, 14, 17, 25] . It can be important to distinguish between mobile and desktop search queries for several reasons. First, the mobile search volume is rapidly expanding. In this study, we observed that the performance of mobile search queries for influenza surveillance has improved over time. If this change continues in the future, the importance of mobile searches will increase. Second, the correlation coefficients of all mobile queries except N/A in 2010/11 increased in 2013/14. Because 2010/11 was an early phase of the mobile era in South Korea, there may have been too few searches in 2010/11 (N/A in Tables 1 and 2 ). It is possible that the increase in mobile search volume was also accompanied by a change in search behavior. Several studies have also reported that mobile and desktop user search patterns differ [27] [28] [29] [30] [31] [32] .
Noise seems to affect both mobile and desktop searches. In Figs 1 and 2 , a decrease in the number of search queries having a strong correlation with KCDC ILI and virologic data for both mobile and desktop searches was observed in 2012/13. We do not know exactly why, but search queries are changing [10, 11, 22, 23] . Moreover, other factors, such as media-stoked panic and changes in search algorithms, may have influenced this [10, 11, 22, 23] . However, despite the probable noise, we observed that the influenza surveillance performance of mobile search queries equaled or exceeded that of desktop search queries over time in this study.
Model output, such as Google Flu Trends, showed high correlation coefficients with conventional surveillance systems for influenza. In Europe, correlation coefficients of 0.716 to 0.940 have been reported for Google Flu Trends [8] , and coefficients of 0.80 to 0.99 have been reported in the United States [9] . However, individual internet time series, including this study, cannot be compared directly to model output. In our results with KCDC ILI data, the correlation coefficients of mobile and desktop search queries ranged from 0.390 to 0.910 and from 0.291 to 0.931, respectively. These values are similar to or lower than those reported elsewhere [17, 18] . The different queries may have influenced the performance. Queries used prior to this study only reflected the authors' opinions [17] or were obtained from databases [9, 18] . To obtain population search queries, we used a survey. In our previous study [11] , we performed a survey to gather population search queries related to influenza and combined the queries from the results of the survey to reflect people's search behavior [27] .
There were several limitations to this study. First, the queries were obtained in 2012. Compared to our previous study, fewer queries had statistically significant correlations. This may have influenced the performance. However, we thought that it could be appropriate to use only the 14 statistically significant queries to show the change in the performance of mobile queries for influenza surveillance. Second, queries were not collected by separating the mobile and desktop searches. Several studies have reported that mobile and desktop user search patterns differ [27] [28] [29] [30] [31] [32] , and a similar result was observed in this study. If specific queries on mobile devices are obtained in additional studies, the surveillance performance may be improved. Third, the first day of a KCDC epidemiological week is Sunday. However, the first day of search data from Naver Trends is Monday, and we could not change this. Therefore, it could have skewed the lag analysis. However, we performed the lag analysis using weekly data to minimize the impact. Lastly, we performed this study using open data providing only relative values. Therefore, the results could not be assessed whether the differences were statistically significant, and whether the differences were due to something meaningful or a mechanical artifact. In summary, we here compared the digital influenza surveillance performances of mobile and desktop search queries. The volume of mobile searches is estimated to surpass desktop searches in the very near future. Our study found that the performance of mobile search queries for influenza surveillance equaled or exceeded that of desktop search queries over time in the study period. In addition, it is possible that the increase in mobile search volume was also accompanied by a change in search behavior. However, we could not show statistically proven difference of correlation or exact causes of these change, since this study was based on limited open data. In the future development of influenza surveillance using search queries, the recognition of changing trend of mobile search data could be necessary. 
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